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Abstract

This paper examines the integration of Generative Artificial Intelligence (GenAI) into higher 
education, analyzing its potential to foster cognitive development and reshape pedagogical 
paradigms. It argues that GenAI acts as both a catalyst for constructivist learning and a 
disruptor of traditional cognitive hierarchies like Bloom’s Taxonomy. The paper analyzes the 
strategic imperative for business faculties, proposes AI-resilient assessment models, and 
develops an ethical framework for institutional adoption. The central thesis is that the strategic 
integration of GenAI is a pedagogical necessity to cultivate a new form of “co-intelligence”—a 
symbiotic partnership between human and artificial cognition that prepares graduates for the 
future of work.

1.	 Introduction: The GenAI Paradigm and Its Pedagogical Implications

1.1	 Defining GenAI and the Cognitive Paradox

Generative Artificial Intelligence (GenAI) refers to a class of AI models capable of creating 
novel, original content such as text, images, or code. This capability fundamentally distinguishes 
it from previous educational technologies, which primarily focused on information access or 
delivery [1]. At the heart of text-based GenAI tools are Large Language Models (LLMs), which 
function by predicting the most statistically probable sequence of words. This probabilistic 
nature is the source of both their impressive fluency and their inherent fallibility, which 
manifests in phenomena like “hallucinations” and factual inaccuracies [1].
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This fundamental design creates a cognitive paradox central to its pedagogical integration: 
the tool designed to reduce cognitive load on generative tasks (e.g., creating a first dra�) 
simultaneously increases the cognitive load on evaluative tasks. To responsibly use the fallible, 
biased, and potentially illogical outputs of AI, users must engage in a rigorous process of 
verification, critical evaluation, and refinement [2]. This dynamic shi�s the crucial competency 
in the AI era from technical operation to the metacognitive skill of critical judgment.

1.2	 Disruption of Pedagogical Theories

GenAI’s integration acts as a transformative force on established pedagogical frameworks, 
challenging existing models and accelerating the practical implementation of long-held 
theoretical ideals.

Catalyst for Constructivism: Constructivist learning theory, which views learners as active 
builders of knowledge, has historically been di�cult to scale due to the need for personalized 
guidance. GenAI overcomes this barrier by providing tools for personalized and adaptive 
sca�olding, enabling student-centered exploration at scale [1]. By fostering autonomy and 
collaborative knowledge construction, a broad implementation of constructivist principles 
becomes feasible for the first time [3].

The Inversion of Bloom’s Taxonomy: Bloom’s Taxonomy, a hierarchical model of cognitive 
skills, is fundamentally challenged by GenAI. The model arranges cognitive skills from Lower-
Order Thinking Skills (LOTS) like remembering to Higher-Order Thinking Skills (HOTS) like 
creating. GenAI inverts this hierarchy — a phenomenon termed “Bloom’s Inversion” [3]. The 
AI handles the most cognitively demanding human task of creating e�ortlessly in seconds, 
while it fails at the supposedly simple task of reliably remembering facts due to its susceptibility 
to hallucination [3].

This inversion reveals an implicit, anthropocentric bias in traditional educational models, 
showing that Bloom’s Taxonomy is a specific map of human cognition, not a universal map of 
intelligence. The most e�ective pedagogy of the future will not try to force AI into human 
models but will strategically leverage the asymmetry between human and artificial cognition. 
This requires revising the taxonomy to integrate new skills like prompt engineering and the 
critical interrogation of AI responses [4]. Some revised models propose adding a new base 
level called discover to acknowledge AI’s strength in initial topic exploration [4]. 
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The following table summarizes such a revised taxonomy, o�ering a practical framework for 
educators.

Cognitive 

Level & 

Domain

Definition  

in an AI Context

Student Actions  

(Human-Led)

AI-Augmented Actions 

(Co-pilot Model)

Discover Exploring a topic broadly, 

generating initial ideas, and 

uncovering related concepts [4].

Brainstorming, mind-

mapping, initial questioning.

Generating related topics, 

summarizing fields, acting as 

a Socratic partner.

Remember Recalling factual information 

while actively verifying its 

accuracy [3].

Memorizing key terms, dates, 

and formulas.

Generating flashcards and 

quizzes; using AI for fact-

checking [3].

Understand Explaining ideas or concepts 

in one’s own words, 

demonstrating 

comprehension [4].

Summarizing, paraphrasing, 

classifying, explaining.

Generating analogies, 

simplifying complex 

topics from multiple 

perspectives [4].

Apply Using knowledge and 

understanding in new, concrete 

situations [5].

Implementing, executing, 

solving problems.

Generating realistic case 

studies or simulations for the 

student to address [5].

Analyze Breaking down information 

into its constituent parts to 

explore relationships and 

structure [6].

Comparing, organizing, 

deconstructing.

Summarizing large datasets, 

highlighting pa�erns and 

correlations [6].

Evaluate Making judgments about the 

value of ideas or materials 

based on definite criteria [7].

Checking, critiquing, defending 

a position.

Generating multiple 

arguments with di�erent 

stances for the student to 

critique [7].

Create Pu�ing elements together to 

form a coherent whole; 

reorganizing elements into a 

new pa�ern [3].

Designing, constructing, 

planning, producing original 

work.

Generating initial ideas, 

prototypes, or creative 

constraints; co-writing a 

first dra� [3].

Metacognate 

& Reflect

Thinking about one’s own 

thinking; planning, monitoring, 

and assessing one’s 

understanding in a human-AI 

interaction [4].

Self-assessing, reflecting on the 

learning process, refining 

strategies.

Interrogating AI responses 

for hidden assumptions, 

articulating precise 

prompts [4].

Table 1  A Revised Bloom’s Taxonomy for AI-Augmented Cognition
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2.	 Reshaping Cognitive Processes and University Teaching

2.1	 The Critical Thinking Paradox: Cognitive Enhancement vs. Cognitive O�oading

The central challenge of using GenAI in education is navigating the “critical thinking paradox” 
[2]. The technology holds the dual potential to either significantly enhance critical thinking or 
contribute to its atrophy through cognitive o�oading. The risk of cognitive o�oading is 
substantial, as students may become overly reliant on AI to bypass the rigorous cognitive 
processes essential for deep learning [7].

Conversely, when integrated with intentional pedagogical strategies, GenAI can serve as a 
powerful amplifier for critical thinking. The key is to teach students to interact with AI not as 
an oracle but as a fallible, biased, and non-comprehending interlocutor [1]. This includes the 
critical evaluation of AI outputs, the development of e�ective prompt engineering as an applied 
form of critical thinking and using AI as a “cognitive mirror” to challenge one’s own assumptions 
and sharpen argumentation [2].

The outcome of AI use is therefore not technologically determined but pedagogically mediated. 
It is the product of the interplay between the user’s intent (to learn vs. to complete a task 
quickly), their skill (in critical evaluation and prompting), and the design of the learning 
environment. This implies that an e�ective institutional strategy must be three-pronged: it 
must shape student intent through motivating assignments, build their skill through direct 
instruction in AI literacy, and architect the learning environment to structurally encourage 
deep cognitive engagement [2].

2.2	 AI-Resilient Assessment: Beyond the Traditional Essay

The vulnerability of traditional assessment formats, particularly take-home essays, to AI misuse 
necessitates a fundamental redesign of assessment methods [6]. This shi� is not merely a 
defensive measure against cheating but a necessary realignment of what universities value, 
moving toward the competencies most valuable in an AI-augmented economy. The crisis of 
traditional assessment is a catalyst forcing higher education to measure the skills actually 
required for future success. AI-resilient strategies include:

	§ Authentic Assessment: Tasks that mirror complex, real-world challenges, such as 
developing a marketing plan for a local non-profit. Such context-specific and ill-
structured tasks are di�cult for a generic AI to replicate [5].

	§ Process-Oriented Assessment: Evaluating the learning process (e.g., through journals, 
dra�s with reflections) instead of only the final product. This makes student thinking 
visible and values the iterative nature of learning [8].



139

13th Higher Education Institutions Conference, September 04 – 05, 2025, Dubrovnik

 ISSN 2991-9371 

	§ Dialogic and Performance-Based Assessment: Methods requiring real-time articulation 
and defense of understanding, such as oral exams or presentations with spontaneous 
Q&A, which are di�cult to outsource to an AI [6].

2.3	 The Evolving Role of the Educator

AI’s ability to deliver expert-level information on demand e�ectively ends the era of the 
professor as the primary dispenser of knowledge [6]. The educator’s role evolves into that of 
a learning architect, who designs rich, AI-resilient learning experiences, and a facilitator of 
dialogue, who guides discussions beyond the generic outputs of AI and helps students connect 
abstract concepts to real-world contexts.[6] This shi� allows educators to focus on the uniquely 
human aspects of education: mentoring, fostering ethical reasoning, and developing students’ 
emotional intelligence [6].

3.	 Strategic Integration in Business Faculties: A Comparative Analysis

3.1	 Evolving Curriculum and the Case Study Method

Business faculties face a strategic imperative not only to teach about GenAI but to fundamentally 
integrate it into their pedagogy. Curricula in marketing, finance, and entrepreneurship are 
already being adapted to use AI as a tool for personalized content, complex financial modeling, 
and accelerating venture creation [9].

The case study method, a cornerstone of MBA education, is not made obsolete by GenAI but 
is transformed in its pedagogical purpose. Rather than replacing the method, AI can accelerate 
preparation by helping students summarize facts and generate initial arguments [9]. This 
elevates the in-class discussion to a higher level of analysis and reinforces the instructor’s role 
as a facilitator who steers the debate beyond probabilistic AI solutions toward nuance, ethics, 
and contextual judgment—areas where human cognition remains superior [9].

3.2	 A Comparative Look at Institutional Strategies

Leading business schools are pursuing diverse but ambitious strategies, revealing a clear shi� 
from a topic-based approach (teaching about AI) to an environment-based approach (learning 
within an AI-powered ecosystem). They are treating secure, powerful AI access as a fundamental 
utility, akin to a library or high-speed internet. The quality of a business school’s “AI stack” 
— the security of its platform, the sophistication of its proprietary tools, and the depth of its 
industry partnerships — is becoming a key competitive di�erentiator.
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Harvard Business School (HBS): Pursues a strategy of mandated use, providing all students 
with enterprise-level accounts to ensure equity and skill-building [10]. 

The Wharton School (UPenn): Focuses on in-house R&D through the Wharton Generative 
AI Labs (GAIL), which prototypes novel AI applications for education like simulations and 
tutors [11].

MIT Sloan: Champions a model of “action learning” and industry partnership through its GenAI-
Lab, where student teams work on real-world business challenges [12].

London Business School (LBS): Prioritizes secure and equitable access by deploying nebulaONE, 
a campus-wide, secure GenAI gateway providing all community members access to various 
LLMs in a private cloud environment [13].

The following table provides a comparative overview of these strategies.

Institution O�cial Policy Stance Flagship Initiative(s) Student Access to 

Tools

Primary Strategic Goal

Harvard Business 

School (HBS)

Required use for 

preparation; prohibited 

in exams [10].

Course: “Generative AI 

for Business 

Leaders”[10].

Enterprise ChatGPT 

Plus accounts for all 

first-year MBAs [10].

Workforce Preparation 

& Leadership

The Wharton School 

(UPenn)

Professor’s 

discretion; strong 

emphasis on ethical 

use [11].

Wharton Generative 

AI Labs (GAIL); 

Primer Initiative 

(simulations) [11].

Access via university-

approved tools; focus 

on secure data 

handling [11].

Research & 

Pedagogical 

Innovation

MIT Sloan Integrated into action 

learning; focus on 

practical application [12].

Generative AI Lab 

(GenAI-Lab) with 

industry partners [12].

Access through lab 

projects and university 

resources.

Action Learning & 

Industry Collaboration

London Business School 

(LBS)

Campus-wide access 

and encouragement [13].

Deployment of 

nebulaONE®, a secure, 

branded GenAI gateway 

(“LBS AI”) [13].

Secure, equitable access 

to multiple LLMs for all 

students & sta� [13].

Secure Access & Digital 

Fluency

Table 2  Comparative Analysis of GenAI Integration Strategies  

at Leading Business Schools
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4.	 Conclusion: Ethics, Policy, and the Pedagogy of Co-Intelligence

4.1	 A Values-Based Framework for Institutional Policy

The ethical challenges posed by GenAI — academic dishonesty, algorithmic bias, and data 
privacy violations — are not isolated technical problems. They are symptoms of a deeper 
conflict between the technology’s inherent nature and the core values of higher education. 
The problem of cheating arises because AI can meet superficial assessment criteria without 
the underlying learning, a conflict with the value of authenticity. Algorithmic bias emerges 
because AI optimizes for statistical pa�erns in historical data, which can contradict the value 
of equity. Privacy issues exist because public AI models are designed to ingest vast quantities 
of data for improvement, which clashes with the values of individual autonomy and 
confidentiality.

A purely reactive approach is therefore insu�cient. An e�ective institutional strategy must 
begin by explicitly rea�rming its core values and then designing a holistic system — 
encompassing pedagogy, assessment, technology procurement, and governance—that is 
engineered to uphold them.

Academic Integrity: The focus must shi� from the unreliable detection of AI misuse to 
prevention through pedagogical design. This requires clear, tiered policies for AI use (e.g., no 
use, use with a�ribution) and the enforcement of transparency and proper a�ribution [14].

Algorithmic Bias and Data Privacy: The risks of bias embedded in training data and the need 
to protect sensitive data demand the institutional provision of secure, enterprise-grade AI 
platforms that contractually guarantee institutional data will remain private [15].

4.2	 Toward a Pedagogy of Co-Intelligence

The integration of GenAI is not a technological upgrade but a pedagogical imperative. The 
goal is not to ban or uncritically adopt AI, but to cultivate a new, symbiotic form of “co-
intelligence” that leverages the complementary strengths of human and machine cognition. 
[6] This becomes the new, defensible value proposition of the university in an age of 
democratized information. 

This requires a systemic transformation that evolves the educator’s role to that of a learning 
architect, fundamentally redesigns assessment methods, and is grounded in a robust ethical 
framework as proposed by organizations like EDUCAUSE. [15] The ultimate goal is to prepare 
graduates not just to function in an AI-driven world, but to lead and shape it, equipped with 
the wisdom and skill to guide the powerful collaboration between human and artificial 
intelligence toward beneficial ends.
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